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Course Objectives \

1. Understand the fundamental concepts and research issues of
Artificial Intelligence in Finance and Quantitative Analysis.

2. Equip with Hands-on practices of
Artificial Intelligence in Finance and Quantitative Analysis.

3. Conduct information systems research in the context of
Artificial Intelligence in Finance and Quantitative Analysis.
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Course Outline G
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* This course introduces the fundamental concepts, research issues, and hands-on practices of
Al in Finance and Quantitative Analysis.

* Topics include:

1.

0 0O NS U R WN

= =
= O

Introduction to Artificial Intelligence in Finance and Quantitative Analysis,

Al in FinTech: Financial Services Innovation and Application,

Investing Psychology and Behavioral Finance,

Event Studies in Finance,

Finance Theory,

Data-Driven Finance,

Financial Econometrics,

Al-First Finance,

Deep Learning in Finance, Reinforcement Learning in Finance,

Algorithmic Trading, Risk Management, Trading Bot and Event-Based Backtesting,

Case Study on Al in Finance and Quantitative Analysis.



B E BT G
(Core Competence)
- EMMAIBR AR R RGAEER 80 %
B {TEHEBIBE ) 10 %
N R IERBILFTERE IFNE 10 %



BROKXKELXEZRE G

Four Fundamental Qualities mziny
« B2 (Professionalism)

- QI EEHRIEMIAR (Creative thinking and Problem-solving) 40 %
« ZREHTE(Comprehensive Integration) 40 %
* ABZ (Interpersonal Relationship)
BB (Communication and Coordination) 10 %
- MBEX&SE (Teamwork) 5 %
o {8 (Ethics)
» RIS IEE (Honesty and Integrity) 0 %
- 55 H#& (Self-Esteem and Self-reflection) 0 %
- EIBEEA (International Vision)
« % JCBHH (Caring for Diversity) 0 %
o R ER (Interdisciplinary Vision) 5 %




R E B R

(College Learning Goals)

*Ethics/Corporate Social Responsibility
*Global Knowledge/Awareness
*Communication

* Analytical and Critical Thinking

o
\ NTPU

& 2 ¥ 9 K B
National Taipei University



RETREER G

( De o rtment Learnin g Goa |S)

*Information Technologies and
System Development Capabilities

*Internet Marketing Management Capabilities
*Research capabilities



BIX (Week)

1

2

2021/09/28

2021/10/05

2021/10/12

2021/10/19

5 2021/10/26

2021/11/02

2232 X 48 (Syllabus) \ &

HHA (Date) A (Subject/Topics)

SR eMBLa iR

(Introduction to Artificial Intelligence in Finance and Quantitative Analysis)

Al EREFHY: SRR RIFER

(Al in FinTech: Financial Services Innovation and Application)

HEOEBRRITRMEGE

(Investing Psychology and Behavioral Finance)

MBS E ST 7% (Event Studies in Finance)
HEESRER{LSTHERR

(Case Study on Al in Finance and Quantitative Analysis 1)

M SRR (Finance Theory)

12



32K 48 (Syllabus) \ &

)X (Week) HBEHH (Date) RAIZ (Subject/Topics)
7 2021/11/09 BHREEEIIFFE R (Data-Driven Finance)

8 2021/11/16 HAHERT (Midterm Project Report)

9 2021/11/23 ERIFTEZZ =R (Financial Econometrics)

10 2021/11/30 AL EE=MEERL (Al-First Finance)

11 2021/12/07 BREMBILATEERT

(Industry Practices of Al in Finance and Quantitative Analysis )

12 2021/12/14 EESHEB{LSTEZRARE 1

(Case Study on Al in Finance and Quantitative Analysis Il)

13



21848 (Syllabus) A\

EIE% T
#B)x (Week) HBIH (Date) AZ (Subject/Topics)

13 2021/12/21 BAFEESREEREEZE(Deep Learning in Finance);
ME SRR {LEE (Reinforcement Learning in Finance)

14 2021/12/28 EHE3ZH (Algorithmic Trading);
B BEEE (Risk Management);

R o R AN RERF R E R

(Trading Bot and Event-Based Backtesting)
15 2022/01/04 HASK¥E 1 (Final Project Report 1)
16 2022/01/11 HASK¥E Il (Final Project Report I1)

14



AP ERBREE

(Teaching methods and activities)

5% (Lecture)
*ET5@ (Discussion)
B (Practicum)



BB /7 (Evaluation Methods)

B A E (Individual Presentation) 60 %
BER 52T E (Case Report) 10 %
‘AR E S (Class Participation) 10 %

- B8R & (Group Presentation) 10 %
{EZ (Assignment) 10 %



}& € & (Required Texts)

* Yves Hilpisch (2020),
Artificial Intelligence in Finance: A Python-Based Guide,
O’Reilly Media.

OREILLY

Artificial
Intelligence
in Flnance

A Python-Based Guide

Yves Hilpisch

https://www.amazon.com/Artificial-Intelligence-Fin e-Python-Based-Guide/dp/1492055433



https://www.amazon.com/Artificial-Intelligence-Finance-Python-Based-Guide/dp/1492055433

¥&5 € FHE (Required Texts)

* Aurélien Géron (2019),
Hands-On Machine Learning with Scikit-Learn, Keras,

and TensorFlow: Concepts, Tools, and Techniques to
Build Intelligent Systems,
2nd Edition, O’Reilly Media.

* Yves Hilpisch (2018),
Python for Finance: Mastering Data-Driven Finance,

2nd Edition, O'Reilly Media.



H2E &l (Other References)

* Paolo Sironi (2016),
FinTech Innovation: From Robo-Advisors to Goal Based

Investing and Gamification,
Wiley.

* Yuxing Yan (2017),
Python for Finance: Apply powerful finance models and
qguantitative analysis with Python,
Second Edition, Packt Publishing

19



Yves Hilpisch (2020),
Artificial Intelligence in Finance:

A Python-Based Guide,
O'Reilly

OREILLY"

Artificial
Intelligence
in Flnance

A Python-Based Guide

Yves Hilpisch

https://www.amazon.com/Artificial-Intelligence-Finance-Python-Based-Guide/dp/1492055433



https://www.amazon.com/Artificial-Intelligence-Finance-Python-Based-Guide/dp/1492055433

Yves Hilpisch (2020),
Python for Algorithmic Trading:

From Idea to Cloud Deployment,
O’Reilly

OREILLY"

Python

for Algorithmic
Trading

From Idea to Cloud Deployment

Yves Hilpisch

https://www.amazon.com/Python-Algorithmic-Trading-Cloud-Deployment/dp/149205335X

21


https://www.amazon.com/Python-Algorithmic-Trading-Cloud-Deployment/dp/149205335X

Yves Hilpisch (2021),
Financial Theory with Python:

A Gentle Introduction,
O’Reilly

OREILLY"

Financial Theory
with Python

A Gentle Introduction

Yves Hilpisch

https://www.amazon.com/Financial-Theory-Python-Gentle-Introduction/dp/1098104358

22


https://www.amazon.com/Financial-Theory-Python-Gentle-Introduction/dp/1098104358

Campbell R. Harvey, Ashwin Ramachandran, Joey Santoro, Fred Ehrsam (2021),

DeFi and the Future of Finance,
Wiley

CAMPBELL R. ASHWIN JOEY
HARVEY RAMACHANORANSSANTORO

DeFi

AND THE

Future
of Finance

foreworo 6y FRED EHRSAM

CO-FOUNDER OF PARADIGM AND COINBASE
preface sy VITALIK BUTERIN
CO-FOUNDER OF ETHEREUM

WILEY

https://www.amazon.com/DeFi-Future-Finance-Campbell-Harvey-ebook/dp/B09DJV2QLC



https://www.amazon.com/DeFi-Future-Finance-Campbell-Harvey-ebook/dp/B09DJV2QLC

Yves Hilpisch (2018),

Python for Finance: Mastering Data-Driven Finance,
O'Reilly

OREILLY

MASTERING DATA-DRIVEN FINANCE

Yves Hilpisch

https://www.amazon.com/Python-Finance-Mastering-Data-Driven/dp/1492024333

24


https://www.amazon.com/Python-Finance-Mastering-Data-Driven/dp/1492024333

Paolo Sironi (2016)

FinTech Innovation:

From Robo-Advisors to Goal Based Investing and Gamification,
Wiley

Wiley Finance Series ' ¥

Innovation

From Robo-Advisors to Goal Based
Investing and Gamification

Source: https://www.amazon.com/FinTech-Innovation-Robo-Advisors-Investing-Gamification/dp/1119226988

25



Doron Kliger and Gregory Gurevich (2014),
Event Studies for Financial Research:

A Comprehensive Guide,
Palgrave Macmillan

EVENT STUDIES
FOR FINANCIAL |
RESEARCH

./'
", .
4 \ v
W | \
\ I :

DORON KLIGER AND GREGORY GUREVICH

Source : https://www.amazon.com/Event-Studies-Financial-Research-Comprehensive/dp/1137435380/
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Yuxing Yan (2017),
Python for Finance: Apply powerful finance models

and quantitative analysis with Python, second Edition,
Packt Publishing

Python
for Finance

Second Edition

Apply powerful finance models and quantitative analysis with Python
=
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Source: https://www.amazon.com/Python-Finance-powerful-quantitative-analysis/dp/1787125696



https://www.amazon.com/Python-Finance-powerful-quantitative-analysis/dp/1787125696

Aurélien Géron (2019),
Hands-On Machine Learning with Scikit-Learn, Keras, and TensorFlow:

Concepts, Tools, and Techniques to Build Intelligent Systems, 2nd Edition
O’Reilly Media, 2019

OREILLY &,

e
Hands-on 3
Machine Learning
with Scikit-Learn,
Keras & TensorFlow

Concepts, Tools, and Techniques
to Build Intelligent Systems

Aurélien Géron

https://github.com/ageron/handson-ml2

https://www.amazon.com/Hands-Machine-Learning-Scikit-Learn-TensorFlow/dp/1492032646/



https://www.amazon.com/Hands-Machine-Learning-Scikit-Learn-TensorFlow/dp/1492032646/
https://github.com/ageron/handson-ml2

Hands-On Machine Learning with
Scikit-Learn, Keras, and TensorFlow

Notebooks

1.The Machine Learning landscape
2.End-to-end Machine Learning project
3.Classification

4.Training Models

5.Support Vector Machines

6.Decision Trees

7.Ensemble Learning and Random Forests
8.Dimensionality Reduction
9.Unsupervised Learning Techniques
10.Artificial Neural Nets with Keras
11.Training Deep Neural Networks
12.Custom Models and Training with TensorFlow
13.Loading and Preprocessing Data

OREILLY"

Learning with
Scikit-Learn, Keras
& TensorFlow #;
CONCEPTS, TOOLS. AND TECHNIQUES f;lg

LUGENT SYSTEMS /
B
‘:’
N -
. e -7, g
% P 22 —

Aurélien Géron

14.Deep Computer Vision Using Convolutional Neural Networks

15.Processing Sequences Using RNNs and CNNs

16.Natural Language Processing with RNNs and Attention

17.Representation Learning Using Autoencoders
18.Reinforcement Learning

19.Training and Deploying TensorFlow Models at Scale

https://github.com/ageron/handson-ml2



https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/01_the_machine_learning_landscape.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/02_end_to_end_machine_learning_project.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/03_classification.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/04_training_linear_models.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/05_support_vector_machines.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/06_decision_trees.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/07_ensemble_learning_and_random_forests.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/08_dimensionality_reduction.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/09_unsupervised_learning.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/10_neural_nets_with_keras.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/11_training_deep_neural_networks.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/12_custom_models_and_training_with_tensorflow.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/13_loading_and_preprocessing_data.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/14_deep_computer_vision_with_cnns.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/15_processing_sequences_using_rnns_and_cnns.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/16_nlp_with_rnns_and_attention.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/17_autoencoders.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/18_reinforcement_learning.ipynb
https://nbviewer.jupyter.org/github/ageron/handson-ml2/blob/master/19_training_and_deploying_at_scale.ipynb
https://github.com/ageron/handson-ml2
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+ Code
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Sequences using RNNs and CNNs

v.ve
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Epochs

1 np.random.seed(43)
2
3 series = generate_time_ series(1l, 50 + 10)
4 X new, Y new = series[:, :50, :], series[:, 50:, :]
5 Y pred = model.predict(X new)[:, -1][..., np.newaxis]
1 plot_multiple forecasts(X new, Y new, Y pred)

2 plt.show()
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https://colab.research.google.com/github/ageron/handson-ml2/blob/master/15 processing sequences using rnns and cnns.ipynb

4 ¢

2 Editing

30


https://colab.research.google.com/github/ageron/handson-ml2/blob/master/15_processing_sequences_using_rnns_and_cnns.ipynb

Al, Big Data, Cloud Computing
Evolution of Decision Support,

Business Intelligence, and Analytics
Al

Al Cloud Computing Big Data
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The Rise of Al

Al is born Focus on specific intelligence

The Turing Test

* Expert systems & knowledge
* Neural networks conceptualized

L]

» Dartmouth College conference
¢ Information theory-digital signals * Optical character recognition
L]

Symbolic reasoning

Dartmouth conference Edward Feigenbaum

* Speech recognition

Focus on specific problems

Machine learning
Deep learning: pattern analysis & classification
Big data: large databases
Fast processors to crunch data
High-speed networks and connectivity

led by John McCarthy develops the first :
~coins the term ~ Expert System, IBM's Watson Q&A machine wins Jeopardy! ® 2016
“artificial intelligence" : giving rebirth to Al Apple integrates Siri, a personal voice ° b
: . ‘o X phaGo
1956 . 1975 - 1982 % assistant into the iPhone defeats Lee Sedol
2011 ¢ 2014
YouTube recognizes
2000 cats from videos
I i I I I I I I N
1950 1960 1970 1980 1990 2010 2020
(
° :
1964 : i 1997
Eliza, the first chatbot @ IBM's Deep Blue defeats

is developed by Joseph
Weizenbaum at MIT

Limited computer processing power ¢ Real-world problems are complicated
Limited database storage capacity e o Facial recognition, translation
Limited network ability © Combinatorial explosion

Al Winter |

Garry Kasparoy, the world's
reigning chess champion

» Disappointing results: failure to achieve scale
¢ Collapse of dedicated hardware vendors

Al Winter |l
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Financial Technology
FinTech

“providing
financial services
by making use of

software and
modern technology”



Financial
Services




Financial Services

Source: http://www.crackitt.com/7-reasons-why-your-fintech-startup-needs-visual-marketing/



Financial Revolution with Fintech

A financial services revolution

Consumer Trends
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1. Simplification 2. Transparency 3. Analytics 4. Reduced Friction




FinTech: Financial Services Innova

Mobile Money
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FinTech:

Financial Services Innovation

1. Payments
2. Insurance
3. Deposits & Lending
4. Capital Raising
5. Investment Management
6. Market Provisioning
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FinTech: Financial Services Innovation

=

antes
/o N
l‘ ' |

27
Payments

{1 15
7S PAX

insurance

BIFRIRE

ISR (Cashless World)
T (< (Emerging Payment Rails)

(5 fE NESURR | . PO,
H1BE#%2Z<z % (Insurance Disaggregation)

‘,f’.‘, -wik _’f' ‘; Ses f~ s ’ - _—
PXX F :L 132 B (Connected lf)'il.lf ance)
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L

FE
Deposit & Lending

fee=i

Capital Raising

REEE

Investment Management

rhim &L

Market Provisioning

HLEIE (Aternative Lending)
B RIFIEEE (Shifting Customer Preferences)

Eﬁ%gﬁ (Crowdfunding)

iR EE (Empowered Investors)

,7&*29 b%ﬂ{ B (Process Externalisation)

#&%%Eﬁi (Smarter, Faster Machines)
*ﬁ'@ﬂzé (New Market Platforms)

BRER : FugleREE
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FinTech: Payment
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FinTech: Payment

Cashless World
Emerging Payment Rails

1l 5
=311
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FinTech: Insurance
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Source: http://www3.weforum.org/docs/WEF_The_future__of financial_services.pdf
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2 FinTech: Insurance
Insurance Disaggregation
Connected Insurance

ais | paseizss |
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Connected
S 7 L
Insurance FLFS

E®ERE : FugleE[R%21E

Source: https://www.stockfeel.com.tw/2015 5 tH FR A& %18 - KRR E R ARTS/



FinTech: Deposits & Lending

Funds \
Internet of Advanced |

AP
I

Virtual Exchanges
& Smart Contracts

\

“ Niche
Connected Insurance " Specialized
A Wearable -~~~ , Products
\ -~ Computers e o %
' "\ 7 \ /
\ . /
\ ' /
R - \
. \
© S ! ' Virtual g
|
\\ P2P Lending : Technologies =
| :
| \
Alt ) ‘ Mobile ; =
ernative \ 3.0 \ 7]
H | o=
) Lending . Shifting : Qo
‘ : Customer | L
: Alternative , Preferences | =
| Adjudication | Q‘
' ' Third =
Reduced - ---2 . : P att _ Q
Intermediation v 4
‘ i
I
|

Crowdfunding
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3 FinTech: Deposits & Lending
Alternative Lending
Shifting Customer Preferences

o | | muims |
N
Aiﬁﬂfﬁiﬁ SE(hEL (Alternative Adjudication) + E&]
ternative =
" Lending Ltz ~ P2P
/i EEmTiE e emmmn e« Aoy 4=ehomm
Shifting Cudtoric ERERIT 2.0 « SYTEIFS : API ~ {TEIRAT

Preferences (L

E%KE : FugleSi[R%21E
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FinTech: Capital Raising
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FinTech: Capital Raising
Crowdfunding

EER EE
BrEd SEE{PE (Alternative Adjudication) ~ B fEX

| Crowdfunding {$3%E & (Empowered Angel Investors)

ERKRE : FugleBl[&%21E2
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FinTech: Investment Management

TS Market Information
Platforms

New
Market Platforms
Automated Data

: : Advanced
l Collection & Analysis Algorithms
1 Cloud-
Automation of Computing Capablllty
High-Value ,~ ] PrOCans Sharing
Aclivities X )
- Externalisation
\
\
Automated Advice & Open Source
Management I
Empowered
Investors

Social
Trading

Retail Algorithmic
Trading
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5 FinTech: Investment Management
Empowered Investors
Process Externalization

[ =l

TRERS | duxs wupmRMEEE  SERE

) e 1325 (Retail Algorithmic Trading)
,"' sEISHN AR K mIZBDBR 75 (Process-as-a-Service, PaaS) *
Process BE/IH= (Capability Sharing) ~ ST ~ B

Externalisation

ER=

wHAR /|
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FinTech: Market Provisioning

/

/
: nlegrated i B
o 9 Payments %
/
£ Cashless World
:’ Artificial Streamlined

" Intelligence / Payments

I Machine Machine s
|

. /
: Learning Readable News 3 /

= " Strategic Role
g’ Streamlined Smarter, Faster of g afo
E Infrastructure Machines
(@] \ =
6 \ Social Sentiment - -
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> 1Y Big Data
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v
o Platforms
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% \ Automated Data Advanced
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\
\

54



6 FinTech: Market Provisioning
Smarter, Faster Machines
New Market Platforms

el Prr™
=3

3R = 22 S HEUE (Machine Accessible Data) ~ A
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Machines TEIE/ #R28 « X¥IR

\
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Definition
of
Artificial Intelligence
(A.l.)



Artificial Intelligence

“ .. the science and

engineering
of
making

intelligent machines”
(John McCarthy, 1955)



Artificial Intelligence

“... technology that
thinks and acts
like humans”



Artificial Intelligence

“... intelligence
exhibited by machines
or software”



4 Approaches of Al

Thinking Humanly

Thinking Rationally

Acting Humanly

Acting Rationally

SSSSSS : Stuart Russell and Peter Norvig (2020), Artificial Intelligence: A Modern Approach, 4th Edition, Pearson
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4 Approaches of Al

3.
2. - :
Thinking Humanly: Thinking Rationally:
.. The “Laws of Thought”
The Cognitive
. Approach
Modeling Approach
1. 4.
Acting Humanly: Acting Rationally:
The Turing Test The Rational Agent
Approach (1950) ApprOaCh

SSSSSS : Stuart Russell and Peter Norvig (2020), Artificia

IIIIIII igence: A Modern Approach, 4th Edition, Pearson
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Al Acting Humanly:

The Turing Test Approach
(Alan Turing, 1950)

* Knowledge Representation
* Automated Reasoning
* Machine Learning (ML)
* Deep Learning (DL)
* Computer Vision (Image, Video)
* Natural Language Processing (NLP)
* Robotics

SSSSSS : Stuart Russell and Peter Norvig (2020), Artificial Intelligence: A Modern Approach, 4th Edition, Pearson
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Text Analytics and Text Mining

&= v D

Source: Ramesh Sharda, Dursun Delen, and Efraim Turban (2017), Business Intelligence, Analytics, and Data Science: A Managerial Perspective, 4th Edition, Pearson
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Python in Google Colab (Python101)

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4z)1zTuniMqf2RkCrT

€O python101.ipynb - Colaborator X <+

&

Cco

c

& python101.ipynb 7+

File Edit View Insert Runtime Tools Help

& https://colab.research.google.com/drive/IFEG6DnGvwfUbeo4zJ1zTunjMgf2RkCrT?authuser=2#scrollTo=wsh36fLxDKC3 Y &)

Bl COMMENT 2% SHARE o

CODE TEXT 4 CELL ¥ CELL ~/ CONNECTED ¥ /’ EDITING A

# Future Value H
pv = 100

(0ol

1/

T
n
fv = pv * ((1 + (r)) ** n)
print(round(fv, 2))

AU WN =

194.87

[

[12]

3

[13]

amount = 100
interest = 10 #10% = 0.01 * 10
years = 7

future_value = amount * ((1 + (0.0l * interest)) ** years)
print(round(future_value, 2))

194.87

1 # Python Function def

2 def getfv(pv, r, n):

8 fv = pv * ((1 + (r)) ** n)
4 return fv

5 fv = getfv(100, 0.1, 7).

6 print(round(fv, 2))

194.87

1 # Python if else
2 score = 80

3 if score >=60 :

4 print("Pass")
5| else:

6 print("Fail").

https://tinyurl.com/aintpupython101
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https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT
https://tinyurl.com/aintpupython101

\& (& (Teaching)

B ¥ e X B
National Taipei University

- HERESRBBE{LS#T (Artificial Intelligence in Finance and Quantitative)
» B RIE KRR E TR LEE (Fall 2021)

« ALEEBM AL (Artificial Intelligence for Text Analytics)

5 37 & 16 K B3R & B £ 3 (Spring 2022)

- BXf@ T 12 (Software Engineering)

- BAIEXRRERELIH (BFEHELTES%3E2) (Fall 2020, Fall, 2021, Spring 2022)
- AIEE (Artificial Intelligence)
- BBt XKBREREFTELBE (Spring 2021)
- RBRED (Data Mining)
- At ARREMEALYE (BFHEHELTREIBRIE) (Spring 2021)
- KEIR49#T (Big Data Analytics)
- B At XRREATRALE(Fall 2020)
- fe¥RiIGEE AP (Foundation of Business Cloud Computing)
- BIIAIEKXBLEER (Spring 2021)

https://web.ntpu.edu.tw/~myday/teaching.htm 65



https://web.ntpu.edu.tw/~myday/teaching.htm

(= 2 .
N W58 (Research Project)

BR A EHNERNZER RS AREE : DRT2FHRE

(Applying Al technology to construct knowledge graphs of cryptocurrency anti-money
laundering: a few-shot learning model)

- BHER (A A - BERIEZEE) © 110-2410-H-305-013-MY2 * 2021/08/01~2023/07/31
[ZELBRFAEY) : 1,022,000]

KB - MEMMHERATERRESRKBERUFLLZ

m (Corporate Sustainability: Motivations, Value Relevance, and the Application of Al in

the Assessment) -

FEIE— . AIEE ANRLSEKEFLZER

(An application of artificial intelligence (Al) in the corporate sustainability assessment)
- B rEIE K= - 110-NTPU_ORDA-F-001 * 2021/01/01~2021/12/31

https://web.ntpu.edu.tw/~myday/cindex.htm#projects 66



https://web.ntpu.edu.tw/~myday/cindex.htm

Summary G

& 2 ¥ 9 K B

aaaaaaaaa aipei University

* This course introduces the fundamental concepts, research issues, and hands-on practices of
Al in Finance and Quantitative Analysis.

* Topics include:

1.

0 0O NS U R WN

= =
= O

Introduction to Artificial Intelligence in Finance and Quantitative Analysis,

Al in FinTech: Financial Services Innovation and Application,

Investing Psychology and Behavioral Finance,

Event Studies in Finance,

Finance Theory,

Data-Driven Finance,

Financial Econometrics,

Al-First Finance,

Deep Learning in Finance, Reinforcement Learning in Finance,

Algorithmic Trading, Risk Management, Trading Bot and Event-Based Backtesting,

Case Study on Al in Finance and Quantitative Analysis.
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ERSRBILOH G

(Artificial Intelligence in Finance and B e

T | S Quantitative Analysis)
Contact Information

Accredited ﬁﬁg .Iﬁ:l: (Min'YUh Day, Ph.D.)

) B (Associate Professor)

B Rt XS SMEEMRAT

Institute of Information Management, National Taipei University

adWs
certified

Solutions
Architect

Assocate EEE | 02-86741111 ext. 66873
A E © F8F12
awseo HhdE @ 23741 FrdbTh ZR[E K2R 151 5%
Praﬂ(i)tlijgner Email : myday@gm.ntpu.edu.tw S35 =]
A4k : http://web.ntpu.edu.tw/~myday/
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