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Big Data Marketing:
Engage Your Customers More Effectively and Drive Value,
Lisa Arthur, Wiley, 2013.
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Source: Lisa Arthur (2013), Big Data Marketing: Engage Your Customers More Effectively and Drive Value, Wiley.



Big Data Marketing

Big data marketing
is the process of
collecting, analyzing, and executing
on the insights you’ve derived from
big data to
encourage customer engagement
and improve marketing results




Creating Value with Big Data Analytics:
Making Smarter Marketing Decisions,
Peter C. Verhoef and Edwin Kooge, Routledge, 2016

Creating Value
with Big Data
Analytics

Making smarter marketing decisions
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Big Data Value Creation Model

Creating Value with Big Data Analytics:
Making Smarter Marketing Decisions
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Predictive Marketing: Easy Ways Every Marketer Can Use
Customer Analytics and Big Data,
Omer Artun and Dominique Levin, Wiley, 2015

OMER ARTUN, PhD - DOMINIQUE LEVIN

PREDICTIVE
MARKETING

Easy Ways Every Marketer Can Use

Customer Analytics and Big Data
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Source: https://www.amazon.com/Predictive-Marketing-Marketer-Customer-Analytics/dp/1119037360



Digital Marketing Analytics:

Making Sense of Consumer Data in a Digital World,

Chuck Hemann and Ken Burbary, Que. 2013

F dML.uL\rl:j- 1

Digital I\/Iarketlng
Analytics

Making Sense of Consumer Data in a Digital World

Source: http://www.amazon.com/Digital-Marketing-Analytics-Consumer-Biz-Tech/dp/0789750309
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Marketing Analytics

Marketing
Analytics

Source: http://www.blueoceanmi.com/marketing-analytics
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Digital Data Platform for Enterprises
Big Data Analytics

Enterprise Applications
Oparational Customer Organization Dacismant Sales
Benchmark fous Connections Search Farecast

Security (Authentication, Authorization, Auditing, Encryption, Protection)

Variety of ’ Ingestion Processing Storage Analytics Visualization
Sources ’ layer Layer ; unsuLLayerB Layerpi. Apps

K )= it
Sraroe §

Data Governance and Monitoring (Workflow, lifecycle managemem,@

Search Based
Analytics

Predictive

Analytics

scheduler, manage)
Digital Data Driven Platform for Enterprises

Source: https://blog.persistent.com/index.php/2015/05/05/is-your-enterprise-data-platform-ready-for-the-dive-into-digital-transformation/



Social Media Marketing Analytics

Social Media Listening

Search Analytics

Content Analytics

Engagement Analytics

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 16



The Convergence of
Paid, Owned & Earned Media

Promoted
] ] Brand _
Paid Media Content Owned Media

Traditional Ads Corporate Ads
Converged

Media

Sponsored
Customer Brands that

ask for shared

Press Coverage

Earned Media

Organic

http://www.altimetergroup.com/2012/07/the-converged-media-imperative/
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Converged Media
Top 11 Success Criteria

Social Listening / Analysis of Crowd

A: Strategy

2. Plan a Slable Foundation

1. Understand Corwverged Media

C: Production

—— 6. Aligned Conlent / Creative across Channels
7. Real-ime Capabilties

—— §. Channel Fexible

—— 9. Influencer Relations

B: Organization D: Analysis
l—— 3. Ability to Achieve Earned at Scale —— 10. Social Listening / Analysis of Crowd
4, Align Teams & Departments —— 11. Syslem for Identifying & Measuring KPls

5. Align Agencies & Vendors

Source: “The Converged Media Imperative: How Brands Will Combine Paid, Owned and Earned Media”,

http://www.altimetergroup.com/2012/07/the-converged-media-imperative/

Altimeter Group, July 19, 2012)
18
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Competitive Intelligence

* Gather competitive intelligence data

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 19



Competitive Intelligence

Facebook competitive analysis
Facebook content analysis
YouTube competitive analysis
YouTube channel analysis
Twitter profile analysis

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 20



Web Analytics (Clickstream)

e Content Analytics
* Mobile Analytics

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 21



Mobile Analytics

Where is my mobile traffic coming from?

What content are mobile users most interested in?

How is my mobile app being used?

W
W

W

nat’s working?
nat isn’t?

nich mobile platforms work best with my site?

How does mobile user’s engagement with my site
compare to traditional web users’ engagement?

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Identifying a
Social Media Listening Tool

Data Capture

Spam Prevention

Integration with Other Data Sources
Cost

Mobile Capability

API Access

Consistent User Interface

Workflow Functionality

Historical Data

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 23



Search Analytics

* Free Tools for Collecting Insights Through

— Search Data

— Google Trends

— YouTube Trends

— The Google AdWords Keyword Tool

— Yahoo! Clues

e Paid Tools for Collecting Insights Through
Search Data

 The BrightEdge SEO Platform

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Owned Social Metrics

* Facebook page
* Twitter account

* YouTube channel

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 25



Own Social Media Metrics:
Facebook

Total likes

Reach

— Organic

— Paid reach
— Viral reach

Engaged users
People taking about this (PTAT)

Likes, comments, and shares by post

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Own Social Media Metrics:
Twitter

Followers
Retweets

Replies
Clicks and click-through rate (CTR)

Impressions

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Own Social Media Metrics:

YouTube

Views
Subscribers
Likes/dislikes
Comments
Favorites
Sharing

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consu

mer

Data in a Digital World, Que. 2013
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Own Social Media Metrics:
SlideShare

Followers
Views
Comments
Shares

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Own Social Media Metrics:
Pinterest

Followers
Number of boards
Number of pins
Likes

Repins

Comments

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 30



Earned Social Media Metrics

e Earned conversations

* |In-network conversations

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 31



Earned Social Media Metrics:
Earned conversations

Share of voice

Share of conversation
Sentiment

Message resonance

Overall conversation volume

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Demystifying Web Data

Visits

Unique page views
Bounce rate

Pages per visit
Traffic sources
Conversion

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consu

mer

Data in a Digital World, Que. 2013
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Searching for the Right Metrics

Paid Searches Organic Searches

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 34



Paid Searches

Impressions

Clicks

Click-through rate (CTR)
Cost per click (CPC)
Impression share

Sales or revenue per click
Average position

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 35



Organic Searches

Known and unknown keywords

Known and unknown branded keywords
Total visits

Total conversions from known keywords

Average search position

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Aligning Digital and Traditional
Analytics

* Primary Research
— Brand reputation
— Message resonance
— Executive reputation
— Advertising performance

* Traditional Media Monitoring
* Traditional CRM Data

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 37



Social Media Listening Evolution

Location of conversations
Sentiment

Key message penetration

Key influencers

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 38



Social Analytics Lifecycle (5 Stages)

1. Discover

2. Analyze

3. Segment

4. Strategy

5. Execution

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 39
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Social Analytics Lifecycle (5 Stages)

Y e e e |
— e e — — — Y

2. Analyze

Social Web

(blogs, social networks,
forums/message boards,

3. Segment Video/phone sharing)

4. Strategy

5. Execution

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 40



Social Analytics Lifecycle (5 Stages)

1. Discover Social Web

(blogs, social networks, forums/message boards,
Video/phone sharing)

Distill relevant signal from social noise

3. Segment

4. Strategy

¥

5. Execution

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013 41



Social Analytics Lifecycle (5 Stages)

Social Web

(blogs, social networks, forums/message boards,
Video/phone sharing)

1. Discover

2. Analyze

Distill relevant signal from social noise

Data Segmentation
(Filter, Group, Tag, Assign)

 —

e — . 2
Strategic
.g CO”?S . Customer Care
Planning Communication
\_

__\

3. Segment

\

’
l
l
l
l

4. Strategy

Product
Development

Sales

Marketing &
Advertising

\ J

J

Strategic Tactical
_J

S—

5. Execution

|

|

|
—————————&.—-——-——/\

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013



Social Analytics Lifecycle (5 Stages)

Social Web

(blogs, social networks, forums/message boards,
Video/phone sharing)

Distill relevant signal from social noise

Data Segmentation
(Filter, Group, Tag, Assign)

Insights drive focused business strategies

5. Execution

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Social Analytics Lifecycle (5 Stages)

1. Discover

2. Analyze

3.

4

Social Web

(blogs, social networks, forums/message boards,
Video/phone sharing)

Distill relevant signal from social noise

Segment

Data Segmentation
(Filter, Group, Tag, Assign)

. Strategy

Insights drive focused business strategies

N

Campaigns
Future Reputation - Customer

Direction —— Satisfaction
Improvements

Innovation

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Social Analytics Lifecycle (5 Stages)

1. Discover

2. Analyze

3. Segment

4. Strategy

5. Execution

Social Web

(blogs, social networks, forums/message boards,
Video/phone sharing)

Distill relevant signal from social noise

Data Segmentation
(Filter, Group, Tag, Assign)

Insights drive focused business strategies

\

Campaigns
Future Reputation - Customer

Direction —— Satisfaction
Improvements

Innovation

Source: Chuck Hemann and Ken Burbary, Digital Marketing Analytics: Making Sense of Consumer Data in a Digital World, Que. 2013
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Big Data:
The Management
Revolution



Business Intelligence and
Enterprise Analytics

Predictive analytics
Data mining
Business analytics
Web analytics
Big-data analytics

Source: Thomas H. Davenport, "Enterprise Analytics: Optimize Performance, Process, an

d Decisions

Through Big Data", FT P

SSSSS

2012
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Three Types of Business Analytics

* Prescriptive Analytics
* Predictive Analytics
* Descriptive Analytics

48



Three Types of Business Analytics

Optimization
Randomized Testing

Predictive Modeling /
Forecasting

Statistical Modeling

Alerts

Query / Drill Down

Ad hoc Reports /
Scorecards

Standard Report

“What's the best that can happen?’:
“What if we try this?”

“What will happen next?”

“Why is this happening?”

“What actions are needed?”

“What exactly is the problem?”

“How many, how often, where?”

“What happened?”

>

Prescriptive
Analytics

Predictive

- Analytics

Descriptive
Analytics

Source: Thomas H. Davenport, "Enterprise Analytics: Optimize Performance, Process, and Decisions Through Big Data", FT Press, 2012
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Outline

* Big Data Marketing Analytics

* Big Data Marketing Research



Marketing Research

“Marketing Research
is the
planning, collection, and analysis of data
relevant to marketing decision making
and
the communication of the results
of this analysis to management.”

51



The Nature of Marketing Research

52



Marketing Research

systematic design, collection,
analysis, and reporting of
data and findings
relevant to a
specific marketing situation
facing the company.

Source: Philip Kotler and Kevin Keller, Marketing Management, 14th Edition, 2011, Prentice Hall
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A Marketing Mix Framework for
Big Data Management

Method

Application |

g e W S
People (" Product Promotion Price " Place
Demographics * Product *  Promotional *  Transactional *  Location-based
Sacial Networks Characteristics Data Data social networks
Customer Review * Product Category *  Survey Data * Survey Data * Survey Data
Click Stream *  Customer Review
Survey Data * Survey Data
Clustering *  Association * Regression * Regression * REE“’-_‘-““:"_‘
Classification *  Clustering *  Assocliation * Association *  Classification
+ Topic Modeling » Collaborative
Filtering
Customer * Product Ontology * Promotional * Pricing Strategy * Location-based
Segmentation = Product Marketing Analysis Advertising
Customer Reputation Analysis * Competitor *  Community
Profiling * Recommender Analysis Dynamic Analysis
Systems o
g i o = g o
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A resource-based view of the
impact of Big Data on competitive advantage

L ¥ I (- =) 4 ™
Structured Data Drynamic
Consumer o Product
G i £ el 4 rTe—rm— Consumer uslaing
PV AT AT A VAW ! S ey F i - —™ Competitive
LT Data Insights Price
- Activitics Advantage
¢ ikt ! : Unstructured : Adaptive
Fatra Dhat Capability Placc
L /
Big Data Promation
. : \ /
Physical Capital (s ) _
Resources Ignorance Valwe Creation
Human Capital
Resources Creative intensity
Organizational s -
Capital Resources Resource Charactenstics
A
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Customer Goals
Orientation Orientation

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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The Marketing Research Impact

Its Importance to Management — Three Critical Roles

* Descriptive

— The gathering and presenting of statements of fact
* Diagnostic

— The explanation of data or actions

 Predictive

— The specification of how to use descriptive and
diagnostic research to predict the results of a
planned marketing decision

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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The Problem Definition Process
8 Steps

Recognize the problem or opportunity

Find out why the information is being sought

Understand the decision making environment

Use the symptoms to help clarify the problem

Translate management problem to marketing research problem
Determine whether the information already exists

Determine whether the question can be answered

State the research objectives

Source: McDaniel & Gates (2009), Marketing Research, 8" Edition, Wiley 58



Understand the
Decision-Making Environment

59



The Marketing Research Process

(1)
Problem
Definition
(Research
Obijective

(8)

Follow-up

(7)
Writing and
Presentation of
the Report

(2)

Research

Design

(6)

Analysis of
Data

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley

(3)
Method of
Research

(4)
Sampling
Procedure

(5)
Data
Collection

60



The Marketing Research Process

(1)

Problem (2)
Definition Research
(Research Design

Obijective

Does it involve
(8) hypothesis or just a
Follow-up /' statements?

(7)
Writing and
Presentation of
the Report

(6)
Analysis of
Data

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley

(3)
Method of
Research

(4)

Sampling
Procedure

(5)
Data
Collection

61



The Marketing Research Process

Management
Decision
Problem

Marketing
Research
Problem

Marketing
Research
Obijective

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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The Marketing Research Process

(1)
Problem
Definition
(Research
Obijective

(2)
Research
Design

(3)
Method of
Research

Exploratory, descriptive,

(8) causal, planning, Sarﬁi)“ng
Follow-up implementing, controlling Procedure

(7)
Writing and
Presentation of
the Report

(6)
Analysis of
Data

(5)
Data
Collection

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley



The Marketing Research Process

Descriptive Studies:
Studies of association Causal Studies:

(who, what, when, dependent variable
where, how) independent variable

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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Marketing Research Design

 Marketing Research Design

— “The plan to be followed to answer the marketing
research objectives.”

* |tis the detailed blueprint used to guide the
research study towards its objectives including
what and how you will conduct the research

study.

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley 65



The Marketing Research Process

(1)
Problem
Definition
(Research
Obijective

(2)
Research
Design

(3)
Method of
Research

Primary/Secondary Survey,

(8) £ -
OCUS groups, experiments
Follow-up X & PS, €XP !
etcC.

(4)
Sampling
Procedure

(7)
Writing and
Presentation of
the Report

(6)
Analysis of
Data

(5)
Data
Collection

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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The Marketing Research Process

Survey Experimental
Research Observation Research

Research

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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The Marketing Research Process

(1)

Problem (2) (3)
Definition Research Method of
(Research Design Research

Obijective

(8) Probability vs. non- (4)
ili . Sampling
Follow-up probability, sample size oo cedure

(7)
Writing and
Presentation of
the Report

(5)
Data
Collection

(6)
Analysis of
Data

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley



The Marketing Research Process

Probability Non-Probability
Samples Samples

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley
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The Marketing Research Process

(8)

Follow-up

(7)

(1)

Problem

(2)

Definition
(Research
Obijective

Telephone, mail,

etc.

Writing and

Research
Design

mall intercept, Internet,

(6)

Presentation of
the Report

Analysis of
Data

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley

(3)
Method of
Research

(4)
Sampling
Procedure

(5)
Data
Collection

70



The Marketing Research Process

(1)

Problem (2) (3)
Definition Research Method of
(Research Design Research

Obijective

(8) Level & scope must be . (4)|.
: ampling
Follow-up determined early Srocodure

(7)
Writing and
Presentation of
the Report

(6)
Analysis of
Data

(5)
Data
Collection

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley



The Marketing Research Process

Statistical
Analysis

I

@rpret Output

I

Draw
Conclusions

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley

v VUV
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The Marketing Research Process

(1)

Problem (2) (3)
Definition Research Method of
(Research Design Research

Obijective

(8) Determine format, font, . (4)|.
ampling
Follow-up layout, PPTs, etc. Procedure

(7)

Writing and

Presentation of
the Report

(5)
Data
Collection

(6)
Analysis of
Data

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley



The Marketing Research Process

(1)
Problem
Definition
(Research
Obijective

(8)

Follow-up

(7)
Writing and
Presentation of
the Report

(2)

Research
Design

Were recommendations
followed?
Is more research needed?

(6)

Analysis of
Data

Source: McDaniel & Gates (2009), Marketing Research, 8t Edition, Wiley

(3)
Method of
Research

(4)
Sampling
Procedure

(5)
Data
Collection

74



Marketing Research Approaches

Observation

Focus groups

Surveys

Behavioral data

Experiments

Source: Philip Kotler & Kevin Lane Keller, Marketing Management, 14th ed., Pearson, 2012
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Marketing Success Metrics

External
Awareness
Market share (volume or value)

Relative price
(market share value/volume)

Number of complaints
(level of dissatisfaction)

Consumer satisfaction
Distribution/availability
Total number of customers
Perceived quality/esteem
Loyalty/retention

Relative perceived quality

Internal
Awareness of goals
Commitment to goals

Active innovation support

Resource adequacy

Staffing/skill levels

Desire to learn

Willingness to change
Freedom to fail

Autonomy

Relative employee satisfaction

76



Marketing

“Meeting
needs
profitably”



Value

the sum of the
tangible and
intangible
benefits and costs



Value

Total
customer

benefit

Customer
perceived

value

Total
customer

cost

Source: Philip Kotler & Kevin Lane Keller, Marketing Management, 14th ed., Pearson, 2012
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Customer Value Triad

Quality, Service, and Price
(asp)

Quality

Service Price
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Value and Satisfaction

* Marketing

— identification, creation, communication, delivery,
and monitoring of customer value.

e Satisfaction

— a person’s judgment of a product’s
perceived performance
in relationship to
expectations

81



Building
Customer Value,
Satisfaction,
and
Loyalty



Customer Perceived Value

Product benefit

Total
customer

benefit

Services benefit

Personnel benefit

Customer
perceived

value

Image benefit

Monetary cost

Total
customer

cost

Time cost

Energy cost

Psychological cost

Source: Philip Kotler & Kevin Lane Keller, Marketing Management, 14th ed., Pearson, 2012
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Satisfaction

“a person’s feelings of pleasure or
disappointment that result from comparing a
product’s perceived performance (or outcome)
to expectations”
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Loyalty

“a deeply held commitment to
rebuy or repatronize

a preferred product or service

in the future

despite situational influences and
marketing efforts having the
potential to cause switching
behavior.”



Customer Perceived Value,
Customer Satisfaction, and Loyalty

Customer
Perceived
Performance

. S

Customer Customer
Satisfaction Loyalty

Customer
Perceived

Value

Customer
Expectations

Source: Philip Kotler & Kevin Lane Keller, Marketing Management, 14th ed., Pearson, 2012 86



Customer Value Analysis

. ldentify the major attributes and benefits customers
value

. Assess the quantitative importance of the different
attributes and benefits

. Assess the company’s and competitors’ performances
on the different customer values against their rated
importance

. Examine how customers in a specific segment rate the
company’s performance against a specific major
competitor on an individual attribute or benefit basis

. Monitor customer values over time
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Components of the
Marketing Offering

Value-based prices

Attractiveness
of the
Product market offering

features mix
and quality and quality

Services
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Product Levels:
The Customer-Value Hierarchy

« Potential product

* Augmented product

""" *Expected product

~-=~*Basic product

---» Core benefit

Source: Philip Kotler & Kevin Lane Keller, Marketing Management, 14th ed., Pearson, 2012
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Analyzing Consumer Markets

 The aim of marketing is to meet and satisfy

target customers’ needs and wants better
than competitors.

* Marketers must have a thorough
understanding of

how consumers think, feel, and act

and offer clear value to each and every target
consumet.
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How consumers
think, feel, and act



Model of Consumer Behavior

Marketing
Stimuli

Products &
Services

Price
Distribution
Communications

Other
Stimuli

Economic
Technological
Political
Cultural

ma Psychology

Motivation
Perception
Learning
Memory

Consumer
Characteristics

e Cultural
¢ Social
¢ Personal

Buying
Decision
Process

Problem
Recognition
Information
Search
Evaluation of
Alternatives
Purchase
decision
Post-purchase
behavior

Purchase
Decision

Product choice
Brand choice
Dealer choice

Purchase amount
Purchase timing
Payment method
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Factors Affecting Consumer Behavior

Source: http://www.itinfopoint.com/post/55/factors-affecting-consumer-behavior/ 93



The Social Feedback Cycle
Consumer Behavior on Social Media

Marketer-Generated User-Generated

P

Form
Use Opinion falk

\

Awareness |Consideration

—

Source: Evans et al. (2010), Social Media Marketing: The Next Generation of Business Engagement
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The New Customer Influence Path

Awareness
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Engagement

Structured Engagement
Engagement Process on Social Media

Collaboration

Source: Evans et al. (2010), Social Media Marketing: The Next Generation of Business Engagement
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Nothing
IS
so practical
as a
good theory

Source: Backer & Saren (2009), Marketing Theory: A Student Text, 2" Edition, Sage



Theory

“a set of propositions or
an abstract conceptualization of
the relationship between entities.”
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Purpose of theory

increase scientific understanding
through a systematized structure
capable of both explaining and
predicting phenomena

(Hunt, 1991)



Theory

“a statement of
relations among concepts
within
a set of boundary assumptions

and constraints”
(Bacharach, 1989)

100



Marketing

ldentifying
and
meeting
human and social needs

Source: Kotler and Keller (2011)



Basis of Marketing Theory




Disciplinary Underpinnings of
Marketing Theory

ne economics basis of marketing

ne psychological basis of marketing

ne sociological basis of marketing
Cultural aspects of marketing
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Psychological foundations of

Motivation
Perception

marketing

Decision making

Attitudes

Persuasion

Sou

rce: Backer & Saren (2009), Marketing Theory: A Student Text, 2"

Edition,

Sage
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Psychological Constructs and
Some Associated Marketing Areas

Psychological

Marketing areas

Construct

Learning Brand recall, loyalty

Motivation Consumer needs, choice conflicts
Perception Product packaging, advertising content
Decision Brand selection, consumer involvement,
making post-purchase evaluation

Attitudes Customer satisfaction, trust, ad influence

Personality

Consumer segmentation, materialism, addictions

Source: Backer & Saren (2009), Marketing Theory: A Student Text, 2" Edition, Sage
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Motivation

* both physiological needs (e.g. hunger, thirst,
pain avoidance, security, maintenance of body
temperature)
and psychogenic needs (e.g. achievement,
affiliation, status, approval, power)
motivate consumer behaviour

Source : Backer & Saren (2009), Marketing Theory: A Student Text, 2" Edition, Sage 106



Motivation and
Psychological Needs

* the waste of money and/or resources by
people to display a higher status than others’
is clearly linked to the psychological ego-
related needs for status, approval and self-
confidence, although it may be influenced in

part by extrinsic factors, such as social norms
and cultural values

Source : Backer & Saren (2009), Marketing Theory: A Student Text, 2" Edition, Sage 107



Overall Model of Consumer Behavior

iences and Acquisitions

External .a(peﬂ
Influences
Culture L Decision
Subculture Process
Demographics . .
Social Status LA
ReferencelGroups Problem
Family | Recognition
Marketing Activities
Information
Self-Concept | Eoneh

and

Lifestyl | Desi
ifestyle s Alternative Evaluation

Internal and Selection
Influences

. = Qutlet Selection
Perceptlon and Purchase
Learning
meTOW Postpurchase
paiits Processes
Personality
Emotions
Attitudes

EXpeﬁences G qu‘.s\{\ons

Source: J. Paul Peter and Jerry Olson (2004), Consumer Behavior & Marketing Strategy, 7th edition,, McGraw-Hill/Irwin
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EXHIBIT W4.1.1

EC Consumer Behavior Model

Consumer Environmental Merchant and Intermediary
Characteristics Characteristics Characteristics
Aga Flow Cutture Brand reputation
Gender Safisfaction Nomative social influsnce Tshworthiness
Ethinicity Experienca {Peer/superior influence) Policies and procedures
Independent | Educafion  Prefarence Informational social influance ST IIEEIIT I T T
Variables | Lifastyle Habit Legal, institutional, govemmint,
Psychological Trust regulations, political
makaup Aftitude
Knowladga Innovativenass
Values Parsonality
Market Stimuli Buyers’ Decisions
Product/Service + (depandant variablos)
Characteristics Consumer Onling
Productservice knowledge > ¥
Product’saervice type Intnnﬂurﬁ Purchase Repurchase
Product/service availability y
Product/zervice customization
Product’service quality
S EC Systems (Technology and Web Site Variables)
Diffarentiation Payment and Logistics Web Site Features Customer
Frequency of purchase Supports Service
Tangibility Payment Options Accuracy Simple design  FAQs
gm"-i'id Delivery Options Up-to-date Mavigation Email
Timeliness and accuracy of  Information Eassof use  Call Canters
T order dalivery presentation Consistency Personalization
Condition of product received Completenass Access One-to-ona
Security markating
Intervening .| Privacy
Variables v

Source: Turban et al. (2010), Introduction to Electronic Commerce, 3" edition, Pearson
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Big Data Landscape 2016
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Summary

* Big Data Marketing Analytics

* Big Data Marketing Research
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