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&� (Week)    �� (Date)    �	 (Subject/Topics)
1   2020/03/04   �
��
���%���

(Course Orientation on Artificial Intelligence for Text Analytics)

2   2020/03/11   
������(��$# �
(Foundations of Text Analytics: Natural Language Processing; NLP)

3   2020/03/18   Python��$# �
(Python for Natural Language Processing)

4   2020/03/25    ���"
�
(Processing and Understanding Text)

5   2020/04/01   
�!'��
�
(Feature Engineering for Text Representation)

6   2020/04/08   �
��
������� I 
(Case Study on Artificial Intelligence for Text Analytics I)

%��� (Syllabus)
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$� (Week)    �� (Date)    �� (Subject/Topics)
7   2020/04/15   ���& (Text Classification)
8   2020/04/22   ��� 
�%��

(Text Summarization and Topic Models)
9   2020/04/29   ���� (Midterm Project Report)
10   2020/05/06   �����
�� (Text Similarity and Clustering)
11   2020/05/13   !���
	��'#�

(Semantic Analysis and Named Entity Recognition; NER)
12   2020/05/20   ���� (Sentiment Analysis)

"�
� (Syllabus)

3



3# (Week)    �� (Date)    �� (Subject/Topics)
13   2020/05/27   ������� �!&( II 

(Case Study on Artificial Intelligence for Text Analytics II)

14   2020/06/03   $��-	2%����"�
(Deep Learning and Universal Sentence-Embedding Models)

15   2020/06/10   
)*+.�0*+
(Question Answering and Dialogue Systems)

16   2020/06/17   ���� I (Final Project Presentation I)
17   2020/06/24   ���� II (Final Project Presentation II)
18   2020/07/01   ����/���

1'
, (Syllabus)
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Outline
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• Processing Text
• Understanding Text



Processing 
and 

Understanding 
Text
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Free eBooks - Project Gutenberg

7https://www.gutenberg.org/

https://www.gutenberg.org/


Free eBooks - Project Gutenberg
Alice in Wonderland

8https://www.gutenberg.org/files/11/11-h/11-h.htm

https://www.gutenberg.org/files/11/11-h/11-h.htm
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Alice Top 50 Tokens

https://tinyurl.com/imtkupython101

https://tinyurl.com/imtkupython101
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Python in Google Colab (Python101)
https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT

https://tinyurl.com/imtkupython101

nltk.download('gutenberg')
alice = Text(nltk.corpus.gutenberg.words('carroll-alice.txt'))

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT
https://tinyurl.com/imtkupython101


11https://tinyurl.com/imtkupython101

alice.concordance("Alice")

https://tinyurl.com/imtkupython101


12https://tinyurl.com/imtkupython101

alice.dispersion_plot(["Alice", "Rabbit", 
"Hatter", "Queen"])

https://tinyurl.com/imtkupython101


13https://tinyurl.com/imtkupython101

fdist = nltk.FreqDist(alice)
fdist.plot(50) 

https://tinyurl.com/imtkupython101


14https://tinyurl.com/imtkupython101

for word, freq in fdist.items() 
if word.isalpha()

https://tinyurl.com/imtkupython101


15https://tinyurl.com/imtkupython101

nltk.download('stopwords')
stopwords = nltk.corpus.stopwords.words('english')

https://tinyurl.com/imtkupython101


16https://tinyurl.com/imtkupython101

for word, freq in fdist.items() 
if word not in stopwords and word.isalpha()

https://tinyurl.com/imtkupython101
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Alice Top 50 Tokens

https://tinyurl.com/imtkupython101

https://tinyurl.com/imtkupython101


BeautifulSoup
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import requests
from bs4 import BeautifulSoup

url = 'https://www.gutenberg.org/files/11/11-h/11-h.htm'
reqs = requests.get(url)
html_doc = reqs.text

soup = BeautifulSoup(html_doc, 'html.parser') 
text = soup.get_text()

https://tinyurl.com/imtkupython101

https://tinyurl.com/imtkupython101


tensorflow.keras.preprocessing.text

19https://tinyurl.com/imtkupython101

from tensorflow.keras.preprocessing.text import Tokenizer

sentences = [
'i love my dog',
'I, love my cat',
'You love my dog!'
]

tokenizer = Tokenizer(num_words = 100)
tokenizer.fit_on_texts(sentences)
word_index = tokenizer.word_index
print('sentences:', sentences)
print('word index:', word_index)

sentences: ['i love my dog', 'I, love my cat', 'You love my dog!’] 
word index: {'love': 1, 'my': 2, 'i': 3, 'dog': 4, 'cat': 5, 'you': 6}

https://tinyurl.com/imtkupython101
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import tensorflow as tf
from tensorflow import keras

from tensorflow.keras.preprocessing.text import Tokenizer
from tensorflow.keras.preprocessing.sequence import pad_sequences

sentences = [
'I love my dog',
'I love my cat',
'You love my dog!',
'Do you think my dog is amazing?’
]

tokenizer = Tokenizer(num_words = 100, oov_token="<OOV>")
tokenizer.fit_on_texts(sentences)
word_index = tokenizer.word_index
sequences = tokenizer.texts_to_sequences(sentences)
padded = pad_sequences(sequences, maxlen=5)
print("sentences = ", sentences)
print("Word Index = " , word_index)
print("Sequences = " , sequences)
print("Padded Sequences:")
print(padded)

tensorflow.keras.preprocessing.sequence import pad_sequences

https://tinyurl.com/imtkupython101

https://tinyurl.com/imtkupython101
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sentences = ['I love my dog', 'I love my 
cat', 'You love my dog!', 'Do you think my 
dog is amazing?’] 

Word Index = {'<OOV>': 1, 'my': 2, 'love': 3, 
'dog': 4, 'i': 5, 'you': 6, 'cat': 7, 'do': 
8, 'think': 9, 'is': 10, 'amazing': 11}

Sequences = [[5, 3, 2, 4], [5, 3, 2, 7], [6, 
3, 2, 4], [8, 6, 9, 2, 4, 10, 11]] 

Padded Sequences: [[ 0 5 3 2 4] [ 0 5 3 2 7] 
[ 0 6 3 2 4] [ 9 2 4 10 11]]

tensorflow.keras.preprocessing.sequence
import pad_sequences

https://tinyurl.com/imtkupython101

https://tinyurl.com/imtkupython101
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Python in Google Colab
https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT

https://tinyurl.com/imtkupython101

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT
https://tinyurl.com/imtkupython101


One-hot encoding

23Source: https://developers.google.com/machine-learning/guides/text-classification/step-3

'The mouse ran up the clock’ = 

[ [0, 1, 0, 0, 0, 0, 0], 
[0, 0, 1, 0, 0, 0, 0],
[0, 0, 0, 1, 0, 0, 0],
[0, 0, 0, 0, 1, 0, 0],
[0, 1, 0, 0, 0, 0, 0],
[0, 0, 0, 0, 0, 1, 0] ]

[0, 1, 2, 3, 4, 5, 6]

The 
mouse
ran 
up 
the 
clock

1
2
3
4
1
5



Word embeddings

24Source: https://developers.google.com/machine-learning/guides/text-classification/step-3



Word embeddings

25Source: https://developers.google.com/machine-learning/guides/text-classification/step-3
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t1 = 'The mouse ran up the clock'
t2 = 'The mouse ran down'
s1 = t1.lower().split(' ')
s2 = t2.lower().split(' ')
terms = s1 + s2
sortedset = sorted(set(terms))
print('terms =', terms)
print('sortedset =', sortedset)

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT
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t1 = 'The mouse ran up the clock'
t2 = 'The mouse ran down'
s1 = t1.lower().split(' ')
s2 = t2.lower().split(' ')
terms = s1 + s2
print(terms)

tfdict = {}
for term in terms:

if term not in tfdict:
tfdict[term] = 1

else:
tfdict[term] += 1

a = []        
for k,v in tfdict.items():

a.append('{}, {}'.format(k,v))
print(a)

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT
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sorted_by_value_reverse = sorted(tfdict.items(), 
key=lambda kv: kv[1], reverse=True)

sorted_by_value_reverse_dict = 
dict(sorted_by_value_reverse)

id2word = {id: word for id, word in 
enumerate(sorted_by_value_reverse_dict)}

word2id = dict([(v, k) for (k, v) in 
id2word.items()])

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT
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sorted_by_value = sorted(tfdict.items(), key=lambda kv: kv[1])
print('sorted_by_value: ', sorted_by_value)
sorted_by_value2 = sorted(tfdict, key=tfdict.get, reverse=True)
print('sorted_by_value2: ', sorted_by_value2)
sorted_by_value_reverse = sorted(tfdict.items(), key=lambda kv: kv[1], reverse=True)
print('sorted_by_value_reverse: ', sorted_by_value_reverse)
sorted_by_value_reverse_dict = dict(sorted_by_value_reverse)
print('sorted_by_value_reverse_dict', sorted_by_value_reverse_dict)
id2word = {id: word for id, word in enumerate(sorted_by_value_reverse_dict)}
print('id2word', id2word)
word2id = dict([(v, k) for (k, v) in id2word.items()])
print('word2id', word2id)
print('len_words:', len(word2id))

sorted_by_key = sorted(tfdict.items(), key=lambda kv: kv[0])
print('sorted_by_key: ', sorted_by_key)

tfstring = '\n'.join(a)
print(tfstring)
tf = tfdict.get('mouse')
print(tf)

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT

https://colab.research.google.com/drive/1FEG6DnGvwfUbeo4zJ1zTunjMqf2RkCrT


from 
keras.preprocessing.text

import Tokenizer

30Source: https://machinelearningmastery.com/prepare-text-data-deep-learning-keras/
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from keras.preprocessing.text import Tokenizer
# define 5 documents
docs = ['Well done!', 'Good work', 'Great effort', 'nice 
work', 'Excellent!']
# create the tokenizer
t = Tokenizer()
# fit the tokenizer on the documents
t.fit_on_texts(docs)
print('docs:', docs)
print('word_counts:', t.word_counts)
print('document_count:', t.document_count)
print('word_index:', t.word_index)
print('word_docs:', t.word_docs)
# integer encode documents
texts_to_matrix = t.texts_to_matrix(docs, mode='count')
print('texts_to_matrix:')
print(texts_to_matrix)

Source: https://machinelearningmastery.com/prepare-text-data-deep-learning-keras/

from 
keras.preprocessing.text

import Tokenizer



texts_to_matrix = 
t.texts_to_matrix(docs, mode='count')

32

docs: ['Well done!', 'Good work', 'Great effort’, 
'nice work', 'Excellent!’] 
word_counts: OrderedDict([('well', 1), ('done', 1), 
('good', 1), ('work', 2), ('great', 1), ('effort', 1), 
('nice', 1), ('excellent', 1)]) 
document_count: 5 
word_index: {'work': 1, 'well': 2, 'done': 3, 'good': 
4, 'great': 5, 'effort': 6, 'nice': 7, 'excellent': 8} 
word_docs: {'done': 1, 'well': 1, 'work': 2, 'good': 1, 
'great': 1, 'effort': 1, 'nice': 1, 'excellent': 1} 
texts_to_matrix: 
[[0. 0. 1. 1. 0. 0. 0. 0. 0.] 
[0. 1. 0. 0. 1. 0. 0. 0. 0.] 
[0. 0. 0. 0. 0. 1. 1. 0. 0.] 
[0. 1. 0. 0. 0. 0. 0. 1. 0.] 
[0. 0. 0. 0. 0. 0. 0. 0. 1.]]

Source: https://machinelearningmastery.com/prepare-text-data-deep-learning-keras/



t.texts_to_matrix(docs, mode='tfidf')
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texts_to_matrix: 
[[0. 0. 1.25276297 1.25276297 0. 0. 0. 0. 0. ] 
[0. 0.98082925 0. 0. 1.25276297 0. 0. 0. 0. ] 
[0. 0. 0. 0. 0. 1.25276297 1.25276297 0. 0. ] 
[0. 0.98082925 0. 0. 0. 0. 0. 1.25276297 0. ] 
[0. 0. 0. 0. 0. 0. 0. 0. 1.25276297]]

from keras.preprocessing.text import Tokenizer
# define 5 documents
docs = ['Well done!', 'Good work', 'Great effort', 'nice work', 
'Excellent!']
# create the tokenizer
t = Tokenizer()
# fit the tokenizer on the documents
t.fit_on_texts(docs)
print('docs:', docs)
print('word_counts:', t.word_counts)
print('document_count:', t.document_count)
print('word_index:', t.word_index)
print('word_docs:', t.word_docs)
# integer encode documents
texts_to_matrix = t.texts_to_matrix(docs, mode='tfidf')
print('texts_to_matrix:')
print(texts_to_matrix)

Source: https://machinelearningmastery.com/prepare-text-data-deep-learning-keras/



Summary
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• Processing Text
• Understanding Text
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