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This course introduces the fundamental concepts and research issues of
social computing and big data analytics. Topics include Data Science and Big
Data Analytics: Discovering, Analyzing, Visualizing and Presenting Data,
Fundamental Big Data: MapReduce Paradigm, Hadoop Spark Ecosystem, Big
Data Processing Platforms with SMACK: Spark, Mesos, Akka, Cassandra and
Kafka, Python Numpy, Finance Big Data Analytics with Pandas, Text Mining,
NLP, Social Media Marketing Analytics, Deep Learning with Theano and
Keras, Google TensorFlow, Sentiment Analysis on Social Media, and Social
Network Analysis.
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1 105/02/91 Course Orientation for Social Computing and Big
Data Analytics (#-ZFiE 5 81 K 835 o0 MR A2 48)
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2 105/02/28 Data Science and Big Data Analytics: Discovering,
Analyzing, Visualizing and Presenting Data (,51 ¥HEL 2
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3 105/03/06 Fundamental Big Data: MapReduce Paradigm, Hadoop
and Spark Ecosystem (K% 4% % ## : MapReduce#
#,. Hadoop¥dSpark % fE & #%)
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4 105/03/13 Big Data Processing Platforms with SMACK: Spark,
Mesos, Akka, Cassandra and Kafka (K% -F
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17| 450615 | Final Project Presentation I (BARRE D)
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. . . E &
18] s 06,9 | Final Project Presentation II (BARHEE 1)
o AEFEE B KB IE 2 (Social Computing and Big Data Analytics) (MIS MBA)
B3%& | (Spring 2016)
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wEXRE | B #ZEA
% %, (Slides)
Yo A HBEL B ABE > A EE RS (Cases and Papers related to Social
’ Computing and Big Data Analytics)
T 4 EMC Education Services, Data Science and Big Data Analytics: Discovering,
Analyzing, Visualizing and Presenting Data, Wiley, 2015
Mohammed Guller, Big Data Analytics with Spark: A Practitioner's Guide to
Using Spark for Large Scale Data Analysis, Apress, 2015
Nick Pentreath, Machine Learning with Spark — Tackle Big Data with
Powerful Spark Machine Learning Algorithms, Packt Publishing, 2015
Wes McKinney, Python for Data Analysis: Data Wrangling with Pandas,
NumPy, and IPython, O'Reilly Media, 2012
Michael Heydt , Mastering Pandas for Finance, Packt Publishing, 2015
Michael Heydt, Learning Pandas — Python Data Discovery and Analysis Made
Easy, Packt Publishing, 2015
Yves Hilpisch, Derivatives Analytics with Python: Data Analysis, Models,
Simulation, Calibration and Hedging, Wiley, 2015
Yves Hilpisch, Python for Finance: Analyze Big Financial Data, O'Reilly
Media, 2014
James Ma Weiming, Mastering Python for Finance, Packt Publishing, 2015
Fabio Nelli, Python Data Analytics: Data Analysis and Science using PANDAs,
matplotlib and the Python Programming Language, Apress, 2015
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